
The promise of big data
By now everyone knows that data availability is growing at warp speed. The global 
volume of digital data stored and managed in 2010 was over a trillion gigabytes. If that 
is staggering, consider this: it will grow 40-fold in the next 5 years. If the current storage 
capacity of data were transferred onto CDs and if they were stacked one on top of 
another it would stretch from earth to 80,000 km beyond the moon. And information 
storage capacity is doubling every 2 years. Not only change is happening quickly but 
even the rate of change is accelerating at a breakneck speed. Big data potentially 
means we have more information and, if it is relevant, we can draw better conclusions 
about human behaviour in general, and consumer behaviour in particular. 

HERE ARE A FEW EXAMPLES OF THE POWER OF BIG DATA. 

Target correctly predicted a Minnesota teenage girl’s preg-
nancy from her buying patterns (such as elevated rates of 
buying unscented lotion, mineral supplements, and cotton 
balls) even before her parents knew that she was preg-
nant. Google correctly predicted the incidence of flu in the 
US with no more than a day’s delay while the Center for  
Disease Control (CDC) took several weeks to publish its data. 
The Google prediction was based on what people searched 
for when they used Google. By analyzing the top 50 million 
search terms on its search engine, Google predicted the inci-
dence of flu faster and it tallied well with the data collected 
by Center for Disease Control (CDC), as shown in Exhibit 1. 
Such predictions can be very useful in practice. For exam-
ple the Google flu incidence could be used to optimize the  
resources needed to combat the flu.

Undoubtedly big data can uncover complex patterns quickly 
and efficiently. Big data will occupy an important niche in 
marketing because of the promise it holds.

The perils of big data
BUT BIG DATA IS NOT WITHOUT PROBLEMS.

The first thing to realize is that much of big data is “found data” rather than collected 
data. If there are online comments about our brand, the data we get are not designed 
to answer specific questions. We need to tailor our questions to the answers available. 
Framing our questions to suit the available data is not necessarily a bad thing, but there 
is always the danger of someone extrapolating the answers if our questions are not 
directly answered in found data.
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Exhibit 1
PREDICTING THE INCIDENCE OF FLU IN THE US

The blue line is Google’s estimate of the incidence of flu in the 
US and the red line is based on CDC data.

See how closely the “big data” tracks the incidence of flu.
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Second, just because there is more data, we do not have to use them all any more than 
we need to order all items listed on a restaurant menu because it is a long menu. Much 
of the found data may not be relevant to us. We may have the capacity to harness 
millions of tweets but should we? There may be a billion conversations on Facebook, 
but are all of them relevant? 

Third, and most important, without proper analytics, more 
data can lead to more misleading conclusions more quickly. 
We note earlier that, for several years, Google accurately 
tracked the spread of influenza across the United States. 
Here is the rest of the story. Suddenly something went 
wrong. The Google Flu Trends over-predicted the onset 
of flu by 100% in 2013. Such overestimates happened not 
only in the US as a whole, but also in different parts of the 
US and in other countries such as France. In their monthly 
predictions Google Flu Trends predicted 100 of the 108 
months incorrectly.

Such incorrect predictions can have serious consequences, 
especially if applied to marketing. Consider the impact this 
would have on a company that estimated its sales or profits 
to be 100% more than they were. The consequences can be 
disastrous.

It is not about big or small  
– it’s about being smart about data
While it is true that big data can be enormously useful, believing that mechanical big data 
predictions can replace understanding causes and effects can be counterproductive, as 
the Google Flu Trend example shows. The real issue then is not whether the data are 
big or small, but whether the analytics is smart enough to meet the challenge of the 
data, big or small. It is how we integrate multiple data sources using analytics.

Such integration involves changes in perspective. They in-
volve moving from linear relationships to networked inter-
actions, from information silos to integrated knowledge and 
from noise to signal.

1. From linear relationships to networked interactions

Traditional market researchers often base their report 
solely on cross-tabulations. A typical marketing research 
project produces cross-tabulations of all questions by key 
banner points such as type of users, needs, demographics 
etc. Why? Because this type of approach often relies on 
one-dimensional relationship - relationship between each 
banner point with a target variable, such as the brand we are 
interested in. However, this approach is not always effective. 
Here are some reasons:

Exhibit 3
CHANGES IN PERSPECTIVES REQUIRED 

TO UNDERSTAND THE CONSUMER

Exhibit 2
BIG DATA PREDICTIONS CAN GO 

WRONG BY A WIDE MARGIN
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Demographics. Formulati ng marketi ng strategies just on major demographics such 
as gender is fraught with pitf alls. For example, even among males, there are several 
disti nct sub-segments. If we gather 50 females in one room and ask them about their 
atti  tudes and lifestyle (gay, straight, career-oriented, family-oriented etc.,) we would 
likely fi nd substanti al diff erences among diff erent subgroups. Some of the “male” 
atti  tudes and lifestyles could resemble those of “average females” a few years ago. 
This observati on applies to many typical demographics such as age group, marital 
status etc.

Behaviour and usage data. Much of the data we collect using surveys can be 
unreliable. How much credence can we put on consumers’ recall of expenditure on 
groceries during the past 30 days? While such data are useful in that they can disti nguish 
diff erent broad categories of expenditure, they cannot be considered accurate if used 
for predicti ve purposes. 

Consumer opinions. When we ask consumers how important diff erent features 
of a product are, they tend to rate every feature as important. Consumers may want 
everything that a product can off er and yet not be willing to pay for the features. 
That’s not how real life works. Sure we can stati sti cally calculate “derived importance”. 
Unfortunately, when everything is equally important to a consumer, derived importance 
calculati ons become a meaningless exercise. 

Simple models of buying behaviour. Traditi onally, marketers have used some kind 
of linear relati onship between consumer awareness and purchase, something like:

Even when it is not explicitly stated, it is easy to identi fy such implied models in 
questi onnaires: 

ARE YOU AWARE OF BRAND X? 
HOW FAMILIAR ARE YOU WITH X? 
WHAT BRANDS COME TO MIND IN THE CATEGORY? 
HAVE YOU EVER USED X? 
DO YOU CURRENTLY USE X? 
HOW LIKELY ARE YOU TO CONTINUE TO USE X? 

Such simple hierarchy might have worked in a world in which social media didn’t exist 
and consumer choices were limited.  This is not the world we live in any more. Consider 
a typical consumer who is in the market for a smart phone. In the past, it might have 
taken some ti me for this consumer to become aware of diff erent models, be familiar 
with their features, consider a few brands, try them and be sati sfi ed with them. They 
were disti nct phases oft en separated by ti me segments. From awareness to loyalty 
was a long path. During this long ti me frame, a consumer would have faced several 
“moments of truth” such as a negati ve review in a magazine or a friend’s casual remark 
meaning that smart phones server no useful purpose. Such “moments of truths” could 
steer a potenti al consumer away from exploring the product further or trying it for a 
long ti me.

Exhibit 4
A LINEAR MODEL OF BUYER BEHAVIOUR

AWARENESS FAMILIARITY/
KNOWLEDGE

SHORT LIST 
OF BRANDS TRIAL ADOPTION LOYALTY
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Access to informati on has completely changed this model on which most traditi onal 
marketi ng research is implicitly based. The potenti al consumer can go from knowing 
very litt le about smart phones to knowing about diff erent models, features, prices, 
best places to buy, what the reviewers think about diff erent models, what their friends 
think about the model, how happy they are with customer service and order the “best” 
smart phone, all in an hour. Search engines and social media sites provide such access 
to informati on that a potenti al consumer can go from awareness to trial in a very short 
ti me interval. The path to purchase is not linear and ti me-dependent but networked, 
simultaneous and not ti me-dependent.

ZMOT
When the path to purchase was linear (as it was not too long ago), there were several 
moments of truth in which we might have lost a consumer. Now a consumer is infl uenced 
simultaneously by diff erent sources with no discernible ti me interval. In other words, 
there are Zero Moments of Truth (ZMOT, as christened by Google). Someone who does 
not know anything about your product can become your customer today. You can lose 
a customer equally fast because a consumer is exposed to simultaneous informati on 
from diff erent sources instantly.

It is not just about social media either. Because a consumer 
is constantly infl uenced by several factors, we need to 
understand the interrelati onships between demographics, 
needs, usage and media habits within and across.

Due to technological advances, we are now able to use 
algorithms and approaches that were not possible in the 
past. We can use machine-based learning to purchase a 
model that begins with identi fying relati onships among 
a large number of factors, regardless of variable type. We 
can use probabilisti c-based learning to detect relati onships 
within and across infl uencers and on target variables, such 
as brand choice and brand loyalty. 

2. From informati on silos to integrated knowledge

However, even the above model is not complete as it lacks 
the historical buying patt ern and this is where big data really 
excels. Both big and small data bridge the informati on gap 
of each data source introduces. Big data helps to identi fy 
“what’s next?” and small data can help us to identi fy “why 
that’s next?” So instead of seeing big data and small data 
as silos, we can integrate them to get powerful answers to 
marketi ng questi ons. While many important patt erns can 
be understood only with big data, many specifi c marketi ng 
questi ons need small data. Big data and small data are not 
in oppositi on to each other. Powerful marketi ng conclusions 
can be drawn when they are seen as complements.

Regardless of the type of data, it is important to leverage the data on hand fully and 
in line with real market decision-making process. As a checklist, ask the following 
questi ons when deciding big or small or both data:

Exhibit 5
CONSUMERS ARE INFLUENCED BY MULTIPLE SOURCES

Consider consumers who are thinking of buying a smart phone. 
Any such consumer can go online, compare diff erent reviews 

by bloggers, consult diff erent online user comments, get 
informati on from social media such as Facebook, Twitt er etc., All 
this can be done more or less at the same ti me. Multi ple factors 

infl uence a consumer in diff erent order at the same ti me. It is 
not one step in the purchasing behaviour leading to another, but 

multi ple infl uences acti ng on the consumer simultaneously.
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WHAT WE NEED TO KNOW HOW TO GET IT

How to benchmark customers?  Market research

What is influencing customers?    Web analytics

What is social media saying about us now?  Social media research

How are consumers reacting to us?  Online communities 

What is the customer experience right now?  Metrics

How do I integrate all this information?  Analytics

When we are able to collect data from multiple sources and con-
solidate them using analytics we move from information silos to 
an integrated whole.

 3. From noise to signal

All data analysis attempts to separate the signal from the noise. 
However, it is difficult to isolate the noise, if we don’t know what 
to expect. For example, if the source of a customer’s decision is 
what they learnt on social media and if we are not aware of it, we 
may attribute the customer purchase decision to some concurrent 
factor like our advertising or discounting. We miss the true signal 
which (in this case) is social media.

The Leger 360 approach
So to truly understand how a customer buys, we need information 
from different sources: social media, marketing research, web 
analytics, 

What are customers saying about us?   

What are social media saying about us?  
What will they say about us?

What’s going on in consumers’ minds?  

Why are consumers saying what they are saying?

What internal data do we have about our customers and the market?

How do they all relate to my marketing?

This is where the Leger 360 approach comes in. We consolidate the entire spectrum of 
information into an integrated whole, as shown in the exhibit below.

Leger 360 provides the input needed to have a holistic view of the entire ecosystem of 
the ever-evolving consumer. Leger Analytics uses this valuable input as grist for the mill 
and attempts to separate the signal from the ever-present noise. 

Exhibit 6
WE NEED TO INTEGRATE MULTIPLE SOURCES TO 

UNDERSTAND CONSUMERS
Because a consumer is influenced by multiple sources 

we need analytics to integrate information from different 
sources to understand the consumer.
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Conclusion
In today’s radically transformed world characterized by social media, fragmented 
consumers, disconti nuous changes, ever-expanding consumer choices and access to 
unprecedented amounts of data, using only one aspect of reality can be very limiti ng 
and can lead to non-opti mal marketi ng decisions. We need to have a vision that covers 
the enti re ecosystem we live in. This is where the Leger 360 approach to knowledge 
and Leger Analyti cs’ ability to separate the noise from the signal can help in making 
bett er marketi ng decisions.

CONFUSION LEGER 360 COHERENCE

Exhibit 7
FROM CONFUSION TO COHERENCE

Leger 360 off ers an integrated approach through analyti cs to understand today’s marketplace


